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About this paper
This paper has been written for institutional managers and academics who are using, or wish
to use, learning analytics to support the enhancement of the student experience. The aim of
the paper is to help inform conversations with learning analytics experts in their institutions
about some of the issues and challenges that are emerging from the learning analytics
research field that may impact on institutional activities.
An overarching trend is the need to increase capacity for institutional staff and students to
engage with ethics, design, understanding and using learning analytics. Where this has
previously been the concern of a relatively small number of experts, it is becoming
increasingly important that a broader community is equipped to participate in the
conversation.
This is one part of a longer discussion paper1 based on an adaptation of Clow's 2012 cycle
of learning analytics. The main paper includes four key sections:
•
•
•
•

data creation and collection
working with and understanding data
using data to enhance the student experience
implementing learning analytics in institutions (this paper).

The main paper also includes a series of 'hot topics', which we have made available as
separate factsheets.
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Implementing learning analytics in institutions
Universities are complex organisations, and the process of implementing any change can
be difficult. Learning analytics is attempting to move from the domain of research findings to
cross-institutional use, which is challenging not least because of the numbers and diversity
of stakeholders involved (Ferguson et al, 2014). Most higher education institutions are at
very early stages of adopting institutional approaches to learning analytics (Tsai, MorenoMarcos, Tammets, Kollom, & Gasevic, 2018) - however, some frameworks and tools have
been produced that aim to help institutions hold the right conversations and develop the right
actions. These are provided below for information.
Ferguson et al (2014) offer a systematic approach that considers the many different factors
that form part of attempting to implement learning analytics. This is based on the ROMA
(Rapid Outcome Mapping Approach) model, which has been developed to offer an approach
to implementation of other policy frameworks in complex environments.

Figure 1: ROMA model
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This model has been adopted by the SHEILA (Supporting Higher Education to Integrate
Learning Analytics) project. The project (SHEILA, 20182) has developed a framework that
encourages institutions to consider the key issues of action, challenges and policy for each
stage of the ROMA framework. This is represented diagrammatically below in Figure 2:

Figure 2: SHEILA policy framework structure (Reproduced from Tsai et al, 2018)
The SHEILA model is being adapted for use in Latin America through the LALA project
involving institutions from Chile, Ecuador and institutions from Europe (MaldonadoMahauad, Perez-Sanagustín, Kizilcec, Morales, & Munoz-Gama, 2018).
Ferguson and Clow (2017), reporting on a learning analytics expert workshop on the
SHEILA project, identified many factors that would assist the successful implementation of
learning analytics in an institution. These include:
1
2

3
4
5
6

7
8

A clear purpose for learning analytics, that is understood by everyone participating
and is compatible with and supports existing organisational goals.
A sponsor from the senior management team to champion learning analytics, with a
realistic understanding of what can be achieved. This was supported by a Murdock
University case study (West et al, 2016) which reported that for learning analytics to
be viable in an institution it needed sponsorship from senior managers.
A project leader to create realistic plans.
A project manager to take charge of day-to-day development.
Identification of accessible data sources.
Communicating the benefits to tutors and learners - this can take a sustained effort
over time (West et al, 2016). Tutors and learners need to be able to appreciate the
practical advantages of employing learning analytics (Gunn, McDonald, Donald,
Milne, & Blumenstein, 2017).
The need to involve skilled data analysts who understand teaching and learning.
The need to train staff to handle the learning analytical outcomes (for example data
literacy).

2 www.sheilaproject.eu/wp-content/uploads/2018/08/SHEILA-framework_Version-2.pdf
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(124KB).

9

Consideration of the ethics of the development - including the learners' voice
- in decision making.

At the LAK18 conference, Hainey et al (2018) reported a case study where the ROMA model
and the outputs of the SHEILA project were being used to map how the University of
Strathclyde was implementing an institutional learning analytics approach. Activity planned
was presented in a case study:
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Figure 3: University of Strathclyde use of ROMA
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Jisc has also produced a questionnaire that institutions can use to assess their institutional
readiness for learning analytics as part of their support for institutions.3 Webb and Bailey
(2018), reporting on the lessons learnt from the two-year Jisc programme to develop a
national learning analytics service, identify a range of key points, many of which align with
Ferguson and Clow's (2017) observations: in particular, the importance of key stakeholders
and a user-centred approach. Webb and Bailey also make clear that progress and change
needed time and to appreciate the 'legal and contractual complexity'. Data literacy is also
highlighted as being important and reflected in one point regarding the wishes of data-users
to understand predictive models.
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